David Kristjanson Duvenaud

PROFESSIONAL
EXPERIENCE

Workshop Labs June 2025 — March 2026
Advisor. Helped develop privately-hosted user-aligned models. Acquired by Thinking Machines.

Anthropic June 2023 — October 2024
Team Lead, Alignment Evaluations. Led a team of 5 to design and build a set of evaluations to fulfill
Anthropic’s Responsible Scaling Policy commitments regarding evaluation integrity.

Fable Therapeutics August 2022 — April 2026
Co-Founder. Advised on the use of generative models for in silico therapeutics design. This ulti-
mately led to the development of a new candidate drug currently in trials.

Cohere January 2021 — June 2023
Advisor. Helped direct research projects relating to personalizing LLMs.

Radical Ventures December 2019 — June 2023
Advisor. Did technical due diligence on early-stage machine learning startups.

Google Brain Toronto 2020 — 2022
Visiting Researcher. Contributed to meta-learning research projects, JAX, and the Dex language.

Element Al November 2016 — December 2019
Faculty Fellow. Advised industrial R & D efforts.

Vector Institute September 2017 — present
Co-Founder and Faculty Member

University of Toronto July 2016 — present
Associate Professor, Computer Science and Statistical Sciences
Canada Research Chair in Generative Models

Harvard School of Engineering and Applied Sciences Sept 2014 — June 2016
Postdoctoral Fellow, Intelligent Probabilistic Systems group

Worked with Prof. Ryan P. Adams on Bayesian optimization, deep learning, molecular modeling,
and variational inference.

Max Planck Institute for Intelligent Systems Summer 2012
Visiting Researcher, Scholkopf group

Worked with Philipp Hennig on stochastic quasi-Newton optimization, model-based ordinary differ-
ential equation solvers, and nonparametric inference methods.

Google Research Summers 2010 and 2011
Software Engineering Intern, Video Content Analysis team

Used machine vision to solve YouTube video classification problems at scale. Contributed to Dist-
Belief, a close-to-the-metal distributed deep learning framework, and precursor to TensorFlow.

Invenia 2006 — 2008
Cofounder

Co-founded a machine learning research consulting company. Recruited, trained and supervised five
research assistants, plus consultants. Wrote, presented and was awarded several research grants.
Led two research contracts applying machine learning methods to energy forecasts. These projects
led to the deployment of automated forecasting systems for several major utilities.


https://arxiv.org/abs/2410.21514
https://github.com/jax-ml/jax
https://github.com/google-research/dex-lang

EDUCATION

GRANTS AND
Awarps (CAD)

PREPRINTS AND
TECHNICAL
REPORTS

Canadian Army Reserve 2005 — 2010

Trooper (armoured reconnaissance), British Columbia Regiment & Fort Garry Horse

University of Cambridge, Machine Learning Group 2010 —

Ph.D., Engineering
Advisors: Carl Rasmussen and Zoubin Ghahramani
Thesis: Automatic model construction with Gaussian processes

2014

University of British Columbia, Laboratory for Computational Intelligence 2008 — 2010

M. Sc., Computer Science

Advisor: Kevin P. Murphy

Thesis: Multiscale conditional random fields for machine vision
University of Manitoba 2001 — 2006

B. Sc. Hons., Computer Science. First class honours.
CIFAR AT Chair (renewal): $750,000 2026
(CS-Can Outstanding Early Career Computer Science Researcher Award: $1,000 2025
Inaugural Schwartz Reisman Chair: $500,000 2024
Sloan Research Fellowship: $150,000 2022
ICFP Distinguished Paper Award (top 4 papers in conference) 2021
ICML Outstanding Paper Honorable Mention (top 4 papers in conference) 2021
Ontario Early Researcher Award: $140,000 2021
CIFAR AI Chair: $750,000 2021
Google faculty award: $45,000 2019
NeurIPS Best paper award (top 4 papers in conference) 2018
Samsung research gift: $67,250 2018
Connaught New Researcher Grant: $9,700 2021
NVIDIA Compute the Cure research grant: $250,000 2017
Tier IT Canada Research Chair: $500,000 2017
NSERC Discovery Grant: $140,000 2017

1. Levine, N., Duvenaud, D., & Radford, A. (2026). Introducing talkie: A 13b vintage language

model from 1930.
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D. (2026). The artificial self: Characterising the landscape of AI identity. arXiv preprint

arXiv:2603.11855.

. Bengio, Y., Clare, S., Prunkl, C., Andriushchenko, M., Bucknall, B., Duvenaud, D., et al.

(2026). International Al safety report 2026 (Tech. Rep.).

. Hendrycks, D., Song, D., Szegedy, C., Gal, Y., Brynjolfsson, E., Duvenaud, D., et al. (2025).

A definition of AGI. arXiw preprint arXiv:2510.18212.

. Lowe, R., Edelman, J., Zhi-Xuan, T., Klingefjord, O., Hain, E., Duvenaud, D., ... others
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2nd workshop on models of human feedback for ai alignment.

. Kulveit, J., Douglas, R., Ammann, N., Turan, D., Krueger, D., & Duvenaud, D. (2025a).

Gradual disempowerment: Systemic existential risks from incremental AT development. arXiv
preprint arXiw:2501.16946.
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Law & Al Seminar, Touro Law Center (remote)
University of Toronto CS Distinguished Lecture Series

February 2026
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Forethought Institute, Oxford July 2025
Toronto Al Safety Meetup July 2025
Absolutely Interdisciplinary Conference, Toronto May 2025
GovAlI internal research seminar series (remote) May 2025
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CHALI Alignment workshop

CIFAR Deep Learning Summer School
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Secondmind Ltd.
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ICCV Workshop on Neural Architectures: Present and Future (remote) October 2021
Keynote: KDD Workshop on Mining and Learning from Time Series (remote) August 2021

December 2024
December 2024
October 2024
July 2024
January 2023
December 2022
December 2022

ICML Workshop on Time Series (remote) July 2021
Oxford University, StatML Centre for Doctoral Training Seminar (remote) July 2021
Centre for Mathematics and Algorithms for Data, University of Bath (remote) July 2021
Microsoft Research AutoML Lecture Series (remote) May 2021
Flatiron Institute, Center for Computational Mathematics May 2021
ICLR Workshop on Deep Learning for Simulation (remote) April 2021

University College London, DeepMind/ELLIS CSML Seminar Series (remote)
NeurIPS Europe meetup on Bayesian Deep Learning (remote)

NeurIPS Workshop: Beyond Backpropagation (remote)

NeurIPS Tutorial: Deep Implicit Layers (remote)

Toronto Machine Learning Summit (remote)

University of Amsterdam Machine Learning Seminar (remote)

University of Washington, Applied Math seminar series (remote)

ODSC West Virtual Conference (remote)

University of Toronto, Computer Science Student Union Seminar (remote)
University of Pennsylvania, Applied Math Colliquium Series (remote)

February 2021
December 2020
December 2020
December 2020
November 2020
November 2020

October 2020
October 2020
October 2020
October 2020


https://indico.ijclab.in2p3.fr/event/2914/contributions/6483/subcontributions/180/attachments/6060/7185/automl-short.pdf
https://indico.ijclab.in2p3.fr/event/2914/contributions/6483/subcontributions/180/attachments/6060/7185/automl-short.pdf
https://arxiv.org/abs/1412.5218
https://arxiv.org/abs/1409.4011
https://arxiv.org/abs/1409.4011
https://proceedings.mlr.press/v6/duvenaud10a.html

Tenth International Workshop on Climate Informatics (remote)

September 2020

Symposium on Sparse Recovery and Machine Learning, STAM Annual Meeting (remote) July 2020

World AT Conference, Beijing (remote)

Institute for Advanced Study, Princeton University (remote)

Guest Lecture, Yale University (remote)

Deep Structures Workshop, Aalto University, Finland

NeurIPS Retrospectives Workshop

NeurIPS Workshop on Learning Meaningful Representations of Life
NeurIPS Communications Practicum

University of British Columbia

Toronto Machine Learning Summit

Fields Institute, Conference on Data Science

MIT CSAIL Machine Learning Seminar

Google Brain, Cambridge, Massachusetts

Harvard University, Data to Actionable Knowledge Group

Broad Institute, Models, Inference & Algorithms Initiative

Gatsby Computational Neuroscience Unit, University College London
Oxford Undergraduate Maths Society

NVIDIA Research Toronto

Symposium on Advances in Approximate Bayesian Inference, Montréal
Canada-UK Colloquium on Al

Toronto Machine Learning Summit

CIFAR Deep Learning Summer School

University of Oxford, Robotics Research Group

Microsoft Research Cambridge

Google Deepmind

ICML Workshop on Credit Assignment in Reinforcement Learning
Google Brain, San Francisco

UC Berkeley, Center for Human-Compatible Al

NeurIPS Workshop on Machine Learning for Molecules and Materials
Toronto Machine Learning Summit

Montréal Deep Learning Summit

Simons Institute, Workshop on Machine Learning

Data Learning and Inference Meeting (DALI)

Google Brain, Mountain View

University of Waterloo, Computational Mathematics Colloquium
NeurIPS Workshop on Automatic Differentiation

NeurIPS Workshop on Optimizing the Optimizers

American Chemical Society National Meeting, Machine Learning Workshop
OpenAl

University of Toronto, Department of Computer Science
University of British Columbia, Department of Computer Science
New York University, Computer Science Department

Princeton University, Department of Computer Science

Université de Montréal, Institute for Learning Algorthms
Cambridge University, Computational and Biological Learning Lab
Twitter Cortex

NeurIPS Workshop on Probabilistic Integration

MIT Media Lab, Laboratory for Social Machines

UMass Amherst, Machine Learning and Friends Lunch

Broad Institute, Stat Math Reading Club

Brown University, Scientific Computing Group

University of Toronto, Machine Learning Group

Microsoft Research Cambridge

July 2020
April 2020
March 2020
December 2019
December 2019
December 2019
December 2019
December 2019
November 2019
November 2019
October 2019
October 2019
October 2019
October 2019
May 2019

May 2019
December 2018
December 2018
November 2018
November 2018
July 2018

July 2018

July 2018

July 2018

July 2018

June 2018
June 2018
December 2017
November 2017
October 2017
May 2017
April 2017
February 2017
January 2017
December 2016
December 2016
August 2016
April 2016
March 2016
March 2016
February 2016
February 2016
February 2016
February 2016
February 2016
December 2015
November 2015
November 2015
November 2015
November 2015
October 2015
July 2015



SERVICE

REVIEWING

University of Oxford, Robotics Research Group

University of Oxford, Future of Humanity Institute

Google DeepMind

Cambridge University, Computational and Biological Learning Lab
ICML Workshop on Automatic Machine Learning
Conference on Bayesian Nonparametrics

Boston Machine Learning Meetup

Harvard Society for Mind, Brain and Behavior

Sheffield University, Deep Probabilistic Models Workshop
MIT CSAIL, Clinical Decision Making Group

London Machine Learning Meetup

University of Oxford, Future of Humanity Institute
University of Toronto, Machine Learning Group

University of Oxford, Robotics Research Group

Microsoft Research Cambridge

Sheffield University, Institute for Translational Neuroscience

July 2015
July 2015
July 2015
July 2015
July 2015
June 2015
February 2015
December 2014
October 2014
October 2014
June 2014
January 2014
January 2014
April 2013
March 2013
February 2013

NeurIPS Workshop on Confluence between Kernel Methods and Graphical Models December 2012

NeurIPS Workshop on Probabilistic Numerics

ICML Workshop on RKHS and Kernel-based methods
University of Washington, Statistics Department

DeepMind Technologies

University of Manitoba, Machine Learning Course guest lecture
University of Manitoba, Numerical Physics Course guest lecture

Organizer, Workshop on Post-AGI Civilizational Equilibria
Scientific Advisor, AVERI

Organizer, Workshop on Post-AGI Economics, Culture, and Governance

Scientific Advisor, LawZero
Scientific Advisor, Apollo Research

Safe and Secure Al Advisory Group for Canadian Ministry of Science (ISED)

Co-Director, Al Safety Foundation
Co-Chair, Schwartz Reisman Institute for Technology and Society

December 2012
July 2012
January 2011
November 2011
February 2008
April 2007

July 2025, May 2026
January 2026 - present

December 2025

June 2025 - present
April 2025 - present

2025
2024 - present
2024 - present

Faculty Affiliate, Schwartz Reisman Institute for Technology and Society = 2020, 2021, 2022, 2023
Co-organizer, NeurIPS workshop on Deep Learning and Differential Equations 2022
Senior Area Chair, Neural Information Processing Systems (NeurIPS) 2020, 2021
Area Chair, Intl. Conference on Learning Representations (ICLR) 2017, 2018, 2019, 2020, 2021
Area Chair, International Conference on Machine Learning (ICML) 2017, 2018, 2019, 2021

Judge, ProjectX Machine Learning Research Competition 2020
Sponsorships Chair, Uncertainty in Artificial Intelligence (UAI) 2020
Area Chair, Neural Information Processing Systems (NeurIPS) 2017, 2018, 2019
Area Chair, Artificial Intelligence and Statistics (AISTATS) 2017, 2018
Co-organizer, NeurIPS Workshop on Aligned Artificial Intelligence 2017
Area Chair, Association for the Advancement of Artificial Intelligence (AAAT) 2017
Co-organizer, NeurIPS Workshop on Reliable Machine learning 2016

International Conference on Machine Learning (ICML)
Journal of Machine Learning Research (JMLR)

2013, 2014, 2015, 2016, 2025, 2026
2012, 2013, 2015, 2018, 2019, 2020, 2021

Wellcome Trust Grants 2021
Nature Communications 2020
Neural Computation 2020
ICML Workshop on Invertible Neural Networks and Normalizing Flows 2020

Proceedings of the National Academy of Sciences of the United States of America (PNAS) 2020
NeurIPS Workshop Proposals 2019


https://www.post-agi.org
https://averi.org
https://www.post-agi.org
https://lawzero.org/en
https://www.apolloresearch.ai/
https://ised-isde.canada.ca/
https://www.aisfoundation.ai/
https://srinstitute.utoronto.ca/
https://srinstitute.utoronto.ca/
https://dlde-2022.github.io/
https://neurips.cc
https://iclr.cc
https://icml.cc
https://www.projectx2020.com/
https://www.auai.org/
https://neurips.cc
https://aistats.org/
https://sites.google.com/site/alignedainips2017/
https://aaai.org
https://neurips.cc/virtual/2016/workshop/6255

PrRESS COVERAGE
AND APPEARANCES

European Physical Journal C 2019

Workshop on Language for Inference (LAFT) 2019
Journal of Chemical Information and Modeling 2018
Science 2018
Computer Graphics and Interactive Techniques (SIGGRAPH) 2018
Nature 2017
American Chemical Society Central Science (ACS) 2017, 2108
IEEE Transactions on Pattern Analysis and Machine Intelligence (TPAMI) 2012, 2017
International Joint Conferences on Artificial Intelligence (IJCAI) 2016
International Conference on Learning Representations (ICLR) 2016
Neural Information Processing Systems (NeurIPS) 2013, 2014, 2015, 2016
Artificial Intelligence and Statistics (AISTATS) 2014, 2015
Statistics and Computing 2013, 2014, 2015
Interview on the Hard Fork podcast (New York Times) May 1, 2026
Interview on the 80,000 hours podcast January 27th, 2026
Interview on the Ezistential Hope podcast September 25, 2025
Interview on the Forethought Institute’s ForeCast podcast September 25, 2025
Op-ed: Can democracy survive the end of human employment? The Economist  Sept 18th, 2025
Interview on The Trajectory podcast June 6, 2025
Op-ed: Can we stop AI making humans obsolete? The Guardian May 4th, 2025
Interview on Doom Debates podcast April 18, 2025
Sabine Hossenfelder’s summary of Gradual Disempowerment Feb 11, 2025
Zvi Mowshowitz’s review of Gradual Disempowerment Feb 05, 2025
Interview on the Al X-risk Research Podcast March 1, 2025
Profile on Geoff Hinton and AI Risk. Toronto Life November 20, 2023
Interview on Minds Almost Meeting podcast May 31, 2023
Interview on the FLI open letter. BBC' Newsnight April 3, 2023
Interview on the FLI open letter. Metro Morning on CBC Radio March 31, 2023
AT makes predictions about random events like market trades. VentureBeat May 7, 2020
Profile: The Chosen Few. Report on Business Magazine February 25, 2019
New AI Method Wins Coveted NeurlPS Award. Psychology Today January 14, 2019
NeurIPS 2018 Best Paper Team: “Math Is Forever” Synced Newsletter December 21, 2018
A radical new neural network design. MIT Technology Review December 12, 2018
Interview on the Talking Machines podcast Sept 8, 2018
Should Artificial Intelligence Copy the Human Brain? Wall Street Journal August 4, 2018
Interview: New frontiers in deep learning research. In Context Podcast March 29, 2018
Interview on the This week in machine learning € Al podcast January 15, 2018
Is AT riding a one-trick pony? MIT Tech. Rev. September 29, 2017
Finally, a way to halt Canada’s ‘brain drain’. Globe and Mail. July 10, 2017
Software dreams up new molecules in quest for wonder drugs. MIT Tech. Rev. November 3, 2016
‘Artificial brain’ aces undergrad organic chemistry test. Chemistry World October 17, 2016
The hunt for tomorrow’s diodes is tangled up in blue. Wall Street Journal August 19, 2016
‘Molecular Tinder’ may change the game for OLED screens. Techcrunch August 8, 2016
The growing influence of statisticians. Phys-org June 4, 2015
The Automatic Statistician and electrified meat. Talking Machines podcast March 26, 2015
Automating the data scientists. MIT Technology Review February 13, 2015
How machines learned to think statistically. Significance magazine February 3, 2015
Google is funding an artificial intelligence for data science. Yahoo! News December 2, 2014

Last updated on June 8, 2026


https://open.spotify.com/show/44fllCS2FTFr2x2kjP9xeT
https://80000hours.org/podcast/episodes/david-duvenaud-gradual-disempowerment/
https://www.existentialhope.com/podcasts/david-duvenaud-exploring-the-cruxes-and-possibilities-of-post-agi-futures
https://newsletter.forethought.org/p/politics-and-power-post-automation
https://www.economist.com/by-invitation/2025/09/18/two-scholars-ask-whether-democracy-can-survive-if-ai-does-all-the-jobs
https://danfaggella.com/duvenaud1/
https://www.theguardian.com/books/2025/may/04/the-big-idea-can-we-stop-ai-making-humans-obsolete
https://www.youtube.com/watch?v=mb9w7lFIHRM
https://www.youtube.com/watch?v=KgcjOo4HAlg
https://thezvi.substack.com/p/the-risk-of-gradual-disempowerment
https://axrp.net/episode/2025/03/01/episode-38_8-david-duvenaud-sabotage-evaluations-post-agi-future.html
https://torontolife.com/deep-dives/geoffrey-hinton-sounding-alarm-artificial-intelligence/
https://mindsalmostmeeting.com/episodes/ai-risk
https://archive.org/details/BBCNEWS_20230403_213000_Newsnight
https://venturebeat.com/2020/05/07/vector-institutes-ai-makes-predictions-about-random-events-like-market-trades/
https://www.theglobeandmail.com/business/rob-magazine/article-the-chosen-few-we-asked-canadas-business-leaders-to-nominate-the/
https://www.psychologytoday.com/us/blog/the-future-brain/201901/new-ai-method-wins-coveted-neurips-award
https://medium.com/syncedreview/neurips-2018-best-paper-team-math-is-forever-55d9b6ead977
https://www.technologyreview.com/s/612561/a-radical-new-neural-network-design-could-overcome-big-challenges-in-ai/
https://podcasts.apple.com/us/podcast/troubling-trends-and-climbing-mountains/id955198749?i=1000419268040
https://www.wsj.com/articles/should-artificial-intelligence-copy-the-human-brain-1533355265
https://www.integrate.ai/podcast/2018/3/29/y2ds6scnrubkdqwsfydl911qx8yzsc
https://twimlai.com/twiml-talk-96-composing-graphical-models-neural-networks-david-duvenaud/
https://www.technologyreview.com/s/608911/is-ai-riding-a-one-trick-pony/
https://www.theglobeandmail.com/report-on-business/economy/growth/finally-a-way-to-halt-canadas-brain-drain/article35631591/
https://www.technologyreview.com/s/602756/software-dreams-up-new-molecules-in-quest-for-wonder-drugs/
https://www.chemistryworld.com/news/artificial-brain-aces-undergrad-organic-chemistry-test/1017563.article
http://www.wsj.com/articles/the-hunt-for-tomorrows-diodes-is-tangled-up-in-blue-1471643051
https://techcrunch.com/2016/08/08/machine-learning-and-molecular-tinder-may-change-the-game-for-oled-screens/
http://phys.org/news/2015-06-statisticians.html
https://podcasts.apple.com/us/podcast/the-automatic-statistician-and-electrified-meat/id955198749?i=1000338509748
https://www.technologyreview.com/2015/02/13/110778/automating-the-data-scientists/
http://onlinelibrary.wiley.com/doi/10.1111/j.1740-9713.2015.00796.x/abstract
http://finance.yahoo.com/news/google-funding-artificial-intelligence-data-215144150.html

