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Introduction Generative Experiments

Learning features from multiple resolutions and frequencies helps generalization
Learning coarse structure from low resolution images leads to a better generative model
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Multiresolution DBN combines a Laplacian Pyramid with deep learning
Coarse and fine resolutions of an image reveal different visual structures
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MrDBN reduces error by 1.5%

Obtaining core test error of 20.3%Recognition is improved by combining resolutions

Discriminative Experiments
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Each sample generated after 1000 alternating Gibbs iterations

Gibbs chain for MrDBN mixes faster

Learned filters at 
different frequencies

Learning the noise 
model is important
for better generations

Superior model of facial details

100 Gibbs iterations between samples


