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Blind image quality assessment Our approach Results:
> distorted image -> perceptual score (ground-truth unknown) » (Generate large unlabeled dataset (automatic and cheap) » Performance deteriorates gracefully with decreasing labeled data

» State of art approach: kernel regression
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Gaussian process regression of spherical kernel LIVE TID2008
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» Requires sufficient data for generalization power U =43 (generalization power¥§ similapr distortion types)
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