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Insights From and to Other Disciplines

* Insights from Distributional Semantics lead to techniques

like the one used in Project 3
*“Distributional hypothesis: linguistic items with similar distributions have
similar meanings” (Wikipedia)

* Programs inspired by how the brain works used to
automatically learn how to detect cats in Youtube videos
* And to automatically learn to play videogames by trying
different inputs and learning from mistakes
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The theory of reinforcement learning provides a normative accountl, deeply rooted in
psychological? and neuroscientific? perspectives on animal behaviour, of how agents may
optimize their control of an environment. To use reinforcement learning successfully in
situations approaching real-world complexity, however, agents are confronted with a
difficult task: they must derive efficient representations of the environment from high-
dimensional sensory inputs, and use these to generalize past experience to new
situations. Remarkably, humans and other animals seem to solve this problem through a
harmonious combination of reinforcement learning and hierarchical sensory processing
systems?: 5, the former evidenced by a wealth of neural data revealing notable parallels
between the phasic signals emitted by dopaminergic neurons and temporal difference
reinforcement learning algorithms3. While reinforcement learning agents have achieved
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IGFEDR Google’s Artificial Brain Learns to Find Cat Videos
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So what’s next?



Robot Uprising ‘768
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So what else is there?



What we've learned from

guantum computers so far:
15 = 3 x 5 (2001)
21=3x7(2012)
56153 = 233 x 241 (2014)

(Wlth htgh probablhty)
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Travel Computer
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Equivalent, Proceedings of the Royal
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